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Commands from GUI In our work we use:
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Modeling of financial crashes

Model Log Periodic Power Law (LPPL)
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detect bubbles. The LPPL model considers 600 &% models
the faster-than-exponential increase in asset T } T T T 2'01'0/01
prices decorated by accelerating date
oscillations as the main diagnostic of bubbles... In[p(t)] = A + B(t. — t)™+C, (t. — )™ cos[w log(te — t)] +C; (te — t)™ sin[w log(t, — )]
Authors :
A.Johansen, O.Ledoit, D.Sornette (JLS)
t m >
: > w .
Sources: t The procedure for A -
: > estimation of B -
In[p(t)] parameters 21 s
> 2 o

r .




Modeling of financial crashes

Results of modeling bubbles (Russian financial market, 2010 — 2012)
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Market hierarchy
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Order flow characteristics
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Analysis of financial crashes using empirical market microstructure

In each bubble, we calculated changes of characteristics from
NORMAL to HOT situation...
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Main idea to compare changes in
microstructure of bubbles and non bubbles...
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